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From unstructured to linked data:

entity extraction and disambiguation
by collective similarity maximization
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Introduction

The big picture:

A lot of available knowledge is available as
unstructured data, especially in text form

We can do information extraction of:

topic, sentiment, named entitiesemanticentities,
relationships

Enrycher a web service for providing this
additionalknowlege



Introduction

Problem domain:
ldentifying semantic entities in text

Automaticallydescrike text with an ontology to
enable semantic integration



Main challenge

Correctly disambiguating entities in text

Using different sources of information to improve
disambiguation quality

Results are probabilistic



Related work

Disambiguationof in-text expression§NLP)

Machine learning vs. pattern matching and
heuristics
Ontology alignment (Semantic Web)

Entity resolution(databases)



Semantic entity disambiguation

Given a text document:
Extract named entity mentions
Consolidate entity mentions into Hext entities

Match in-text entities with entities from the
ontology



As an entity resolution problem:
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An ontology-based approach:
Ranks candidate entities based on content
similary
Does not require learning

The ontologyshouldspecify:

Aliases for entities (rdfs:labe)
Descriptions of entities (rdfs:commenk
Types of entities (rdf:type)

Our exampleDbpedia+YAGO



